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Project Challenge

We seek to quantity the nature of social interactions in different
neighborhoods based on community input, social media data, mobility
data, greenspace, street quality and urban sensing data. We want to
understand how different environmental features are related to different
social interactions and social behaviors.

ENVIRONMENTAL LAW Alr ? e
g' & POLICY CENTER QY o=t MAPSCORPS ¢

Community mapping -~

| " and community inpu
Social media 65 Urban sensing
and mobility datN
7 ‘ WF: hood

SOC

4
§ SAFEGRAPH
2

$ONIHL AVH&Y

Trid Al Modl

Preference: 7/10 Preference: 6/10

Average Image Rating: Aesthetic Value Average Image Rating: Natural Surveillance
- ~New Image a) o5 » .
A TR ; ‘ et 0.2
lﬂ = " E;lv 04 a = : 'J*.
R o ¥
:',l 0.3 lﬂ:ﬂ : - 0.1
: L faie i
: y 0.2 e g
# - - - 0.0
- r”i' ke o1 -r "
- F F 0.0 — L - 0.1
j!~-- N =y

. |

-0.3

2) With transfer
learning we created
maps of preterence
and natural
surveillance and
related it to crime.
We found that both
significantly

predict crime.
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Intellectual Merit

We test sociological and psychological theories relating social cohesion
and physical environment variables. We apply Al-optimized systems to
examine to what extent ambient image and sound data can be used to

determine the character of social interactions and overall neighborhood
cohesion. We do so using interpretable and explainable Al so that we can
audit the models, which can help us to remove model bias. This will push
the boundaries of ML algorithms embedded in intelligent distributed
sensor networks and help us to study social interaction quality at very

‘ol . I

e nbpeviow ' — v

Butank ‘ '
o , 4 v

£ vorgreen Darvw .
O ™
" slsmn be
Alsip
Mise via
; 7 ~———

A T

Average People Count & Crime Count Across Day

Sage Sensor WO7F in West Englewood

—&— Crime m
~m- Mobility 7
0.40 - 1 7-
large scales. ’
oL
. w
qg,’ 0.25
Trustworthiness o
0.15 -
- -
§ 010 4 L~
Q Morr'\ing Da'xy Evehing Niéht
; (6:45 AM - 9:59 AM) (10:00 AM - 4:29 PM) (4:30 PM - 9:14 PM) (9:15 PM - 6:44 A
"J; Time of Day
o
o .
1) We developed an 3) We analyzed SAGE node data from different nodes. Data
. e | - interpretable and from West Englewood is shown. We find some relationships
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Broader Impacts
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People of no Color (PnoC) rate computer generated faces of color less
trustworthy that faces of no color. Our explainable models shows that PnoC
raters use color channels when making ratings of PoC taces. With this approach
we can remove these features/channels from the model to reduce model bias.
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We want to combine the GSV work with the interpretable ML approach to understand how

people may be making their decisions al
neighborhood is preterred. We would al

interaction quality and have them be ab!

bout whether a neighborhood looks sate or whether a
so like to advance our interpretable models of social

e to be run at the edge, such as on a SAGE node.



